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Image-based Gait Analysis
Person Verification and Attribute Recognition

Daigo MURAMATSU *'

ABSTRACT :

Image-based gait analysis methods proposed by authors’ group are described in this paper.

Silhouette-based gait features are extracted from gait image sequences, and the extracted features are used

for person verification tasks and person attribute estimation tasks such as age and gender. As the gait

verification tasks, approaches for issues of view difference, belonging difference, and occlusion are

explained. For the view issues, view transformation-based approaches and CNN-based view-invariant

approaches are explained. For the issue of belonging difference, joint intensity and spatial metric learning

method is briefly explained. And for occlusion issue, subspace-based gait regeneration methods and a

WGAN-based silhouette image sequence reconstruction method are explained. And as an application for

gait verification, gait verification system for criminal investigation is introduced.
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Fig. 3 Network architectures of CNN-based cross-view gait recognition
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Fig.5 Concept of joint intensity metric learning
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